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Introduction: SARS-CoV-2, the virus that causes
COVID-19, has spread rapidly worldwide. In January
2020, a surveillance system was implemented in
France for early detection of cases and their contacts to help limit secondary transmissions. Aim: To
use contact-tracing data collected during the initial
phase of the COVID-19 pandemic to better characterise SARS-CoV-2 transmission. Methods: We analysed
data collected during contact tracing and retrospective epidemiological investigations in France from 24
January to 30 March 2020. We assessed the secondary clinical attack rate and characterised the risk of
a contact becoming a case. We described chains of
transmission and estimated key parameters of spread.
Results: During the study period, 6,082 contacts of
735 confirmed cases were traced. The overall secondary clinical attack rate was 4.1% (95% confidence
interval (CI): 3.6–4.6), increasing with age of index
case and contact. Compared with co-workers/friends,
family contacts were at higher risk of becoming cases
(adjusted odds ratio (AOR): 2.1, 95% CI: 1.4–3.0) and
nosocomial contacts were at lower risk (AOR: 0.3, 95%
CI: 0.1–0.7). Of 328 infector/infectee pairs, 49% were
family members. The distribution of secondary cases
was highly over-dispersed: 80% of secondary cases
were caused by 10% of cases. The mean serial interval
was 5.1 days (interquartile range (IQR): 2–8 days) in
contact tracing pairs, where late transmission events
may be censored, and 6.8 (3–8) days in pairs investigated retrospectively. Conclusion: This study increases
knowledge of SARS-CoV-2 transmission, including the
importance of superspreading events during the onset
of the pandemic.
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Introduction

Coronavirus disease 2019 (COVID-19) emerged in
Wuhan, China in December 2019 and has since spread
globally. The disease is caused by severe acute respiratory syndrome coronavirus 2 (SARS-CoV-2) and is
transmitted from person to person mainly via small
droplets produced by coughing, sneezing or talking.
The rapid spread of the virus across the world has led
to unprecedented containment measures, with 4.5 billion people being confined at home [1]. Following a fast
rise in intensive care unit admissions, France went into
lockdown on 17 March 2020 for 7 weeks. As of 13 May
2021, 5,821,668 cases have been confirmed, which
includes 459,339 hospitalisations and 106,964 deaths
[2].
In the early phase of the epidemic, France attempted
to contain imported SARS-CoV-2 infections. On 10
January 2020, a dedicated surveillance system was
implemented to allow early detection of cases and
their contacts, limit secondary transmission and slow
the spread of the virus. Upon detection of a COVID19 case, contact tracing was initiated and a follow-up
procedure was implemented. The first three COVID-19
cases were detected on 24 January 2020 in travellers
returning from Wuhan [3].
Contact tracing is an essential tool to control epidemics and has proven effective in the past [4,5]. Contact
tracing can also improve our knowledge on transmission dynamics and the natural history of emerging
pathogens such as SARS-CoV-2. Contact tracing studies can provide estimates of secondary attack rates,
explore risk factors of infection among contacts and
assess the relative contributions of different types of
contact to transmission, information that can be used
1

to define effective control strategies [6-12]. In addition, analysing chains of transmission can be used to
identify who infected whom, to document the characteristics of infectors and infectees and the types of
contact between them [6], and to assess the contribution of super-spreading events [13], information that
population-level data cannot provide. Analysing chains
of transmission is particularly useful for estimating key
parameters of spread, which is essential information
for mathematical models. Moreover, it can be useful
to compare these estimates across diverse locations,
time periods and settings.
Here, we analysed the detailed data collected during contact tracing and retrospective epidemiological investigations in the early phase of the pandemic
in France, from 24 January 2020 to 30 March 2020
(a national lockdown was implemented on 17 March
2020). Our study had four objectives: to assess the
secondary clinical attack rate; to identify the factors
associated with the risk of a contact becoming a case;
to describe chains of transmission; and to estimate key
parameters of spread.

Methods
Surveillance system

Implemented on 10 January 2020, the individual-based
surveillance system for COVID-19 was designed to
detect cases as early as possible (see [3] for a detailed
description). Possible cases were isolated in one of
the COVID-19 reference hospitals when possible or at
home. These cases were interviewed using a standardised questionnaire that collected information on sociodemographic characteristics, clinical characteristics
and history of exposure (including potential infectors).
Data were entered into a secure web-based application (Go.Data, World Health Organization). Respiratory
samples were taken from all possible cases and tested
for SARS-CoV-2 using reverse transcription polymerase
chain reaction (RT-PCR).
From 17 to 29 January 2020, a possible case was
defined either as a patient with a severe acute lower
respiratory infection requiring admission to hospital
and with a history of travel to or residence in Wuhan,
China in the 14 days before symptom onset or a patient
with an acute respiratory illness irrespective of severity and with a history of at-risk exposure, mainly with
a confirmed case [3]. A confirmed case was defined as
a possible case with a positive RT-PCR. Possible cases
who tested negative were classified as excluded cases.
This case definition slightly evolved during the study
period to adapt to the epidemiological situation. The
detailed case definition used at the start of the pandemic as well as the case definition in effect at the end
of the study period are listed in the Supplementary
Tables S1 and S2.
From 14 March 2020, the system was replaced by a
population-level approach, which was more adapted to
2

the growing size of the epidemic. However, individualbased surveillance continued for a few more days in
less affected regions.

Contact tracing

Confirmed cases were kept in isolation and interviewed about any contacts that occurred during the
time they were symptomatic and the day before symptom onset, in accordance with European recommendations [14]. Based on their type of exposure, identified
contacts were classified into three levels of exposure
risk: negligible, low or moderate/high risk (Table). Only
contacts who developed symptoms compatible with
COVID-19 were tested for SARS-CoV-2 using RT-PCR. If
the test was positive, they were considered secondary
confirmed cases and their contacts were then traced
in the same fashion as a primary case. Following the
procedures, only contacts with low or moderate/high
risk were followed up (Table). However, because the
investigation teams were quickly overloaded in the
exponential growth phase of the epidemic, most contacts (97%) who were identified and entered into the
database were moderate/high-risk contacts. In regions
heavily affected by the epidemic, some cases had their
contacts traced but not entered into the web-based
application. That is, the database is not exhaustive
as it represents only a sample of all the contact tracing efforts. The number of contacts not entered in the
database is unknown. In some of these regions, contact tracing became too difficult to conduct and was
stopped before 14 March 2020.

Retrospective epidemiological investigations

In addition to the chains of transmission established
through prospective contact tracing, some infector/
infectee pairs were reconstituted retrospectively during epidemiological investigations. This was especially
the case in the Oise department in northern France,
where a large cluster of COVID-19 cases was detected
in February 2020 [15]. As a result, a thorough investigation was conducted in this department to reconstruct
the chains of transmission responsible for the cluster
and to understand the rapid spread of the pathogen
(Supplementary Text S1).

Statistical analysis

We first analysed contact tracing data for confirmed
cases (hereafter called cases) and their contacts, who
were entered into the database between 24 January
2020 and 30 March 2020. We defined an index case
as a case whose detection initiated contact tracing.
Therefore, secondary cases can become index cases if
their contacts are traced.
We described contact patterns between index cases
and their traced contacts by constructing the corresponding contact matrix. We compared this to the
age-specific contact matrix for the French population
obtained from the COMES-F study performed in 2012
[16]. We analysed the differences in the age-specific
mixing patterns using linear regression.
www.eurosurveillance.org

Table
Definition of contacts of COVID-19 cases and follow-up procedures by level of exposure risk, France, January 2020
Level of exposure risk

Negligible risk

Low risk

Moderate/ high risk

Contact definition

Follow-up procedure

Person who had short (< 15 min) contact with a confirmed
case in public settings such as in public transportation,
restaurants and shops; healthcare personnel who treated a
confirmed case while wearing appropriate PPE without any
breach identified.

Neither identification nor information of contacts.

Person who had a close (within 1 m) but short (< 15 min)
contact with a confirmed case, or a distant (> 1 m) but
prolonged contact in public settings, or any contact in
private settings that does not match with the moderate/
high risk of exposure criteria.

Contacts are asked to measure their body
temperature twice a day and check for clinical
symptoms. If contacts have symptoms such as
fever, cough, or dyspnoea, they are asked to wear a
surgical mask, self-isolate, and immediately contact
the emergency hotline (SAMU-centre 15) and identify
themselves as contacts of a confirmed COVID-19
case.

Person who had prolonged (> 15 min) direct face-to-face
contact within 1 m with a confirmed case, shared the same
hospital room, lived in the same household or shared any
leisure or professional activity in close proximity with a
confirmed case, or travelled together with a COVID-19
case in any conveyance without appropriate individual
protection equipment. Healthcare personnel who treated a
confirmed case without wearing appropriate PPE or with an
identified breach.

In addition to the above, contacts are asked to
stay at home for 14 days after their last contact
with the confirmed case while symptomatic and
to avoid contacts with the other persons living in
the same household (or at least wear a surgical
mask). The follow-up consists of an active follow-up
through daily calls from the regional follow-up
team organised by the Regional Health Agency in
collaboration with Santé publique France.

COVID-19: coronavirus disease; PPE: personal protective equipment.
Adapted from [3].

We estimated the secondary clinical attack rate – i.e.,
the proportion of symptomatic cases among the contacts of an index case [17]. We investigated the factors
associated with the risk of a contact becoming a case
(i.e., developing symptoms and testing positive) using
multivariable logistic regression (Supplementary Text
S2).

was needed as this investigation was covered by the
authorization delivered to Santé publique France by the
French data protection authority (CNIL) to process personal health data in order to prevent, alert or monitor
an epidemiological crisis (authorization 341194 V42).

Finally, we analysed all infector/infectee pairs using
pairs identified through prospective contact tracing (pairs between an index case and a contact who
became a case) and pairs identified through retrospective epidemiological investigations in Oise. We computed the mean number of secondary cases generated
by each case based on contact tracing data (using the
number of secondary cases observed among traced
contacts of each index case) or retrospective data
(where cases at the end of the observed chain of transmission were considered to have no secondary cases)
(Supplementary Text S3). We also estimated the serial
interval – i.e., the interval between symptom onset in
infector and infectee in days (Supplementary Text S3).
Distributions were compared using Wilcoxon-MannWhitney test and proportions were compared using
chi-squared test. Results with p-value < 0.05 were considered significant. Percentages were based on those
for whom information was available. All analyses were
performed in R software [18].

Description of contact tracing data

Ethical statement

The investigations were carried out in accordance with
the General Data Protection Regulation (Regulation
(EU) 2016/679 and Directive 95/46/EC) and French data
protection law (Law 78–17 on 06/01/1978 and Décret
2019–536 on 29/05/2019). No specific ethical approval
www.eurosurveillance.org

Results
Between 24 January and 30 March 2020, 6,082 contacts (6,028 unique individuals) of 735 cases were
traced and entered into the database. The median age
of the index cases was 50 years (interquartile range
(IQR): 36–65) and 52% (384/734) were female. The
median age of the contacts was 38 years (IQR: 21–55)
and 56% (3,123/5,593) were female.
Cases had 8.3 contacts traced on average (median 4,
range 1–146). We observed non-random contact patterns by age: the index cases tended to have more
traced contacts of similar age (Pearson correlation
coefficient (r) = 0.32, p < 0.01) (Figure 1A). These patterns were consistent with age-specific contacts measured before the COVID-19 pandemic in the French
general population [16] (r = 0.80, p < 0.01) (Figure 1B and
Supplementary Figure S1). The infector/infectee pairs
followed a similar assortative pattern by age (r = 0.29,
p < 0.01) (Figure 1C).
The 735 cases who had their contacts traced and
entered into the database represented 5% (735/14,400)
of the total number of COVID-19 cases over the study
period. This proportion decreased over time, from
31% at the beginning of the epidemic to 2% in weeks
12–13 (week 11 was the last week of the individual
3

Figure 1
Distribution of COVID-19 cases (n = 735) and contacts (n = 6,028) by age group, France, 24 January 2020–30 March 2020
B. Contact patterns in contact tracing data and
in the general population
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based-surveillance at the national level) (Figure 2A).
The proportion of cases who had their contacts traced
and entered into the database also varied by region
(Figure 2B). The most heavily affected regions (Ile-deFrance and Grand Est), representing 54% of cases, had
the lowest proportion of traced cases (1%).

(95% CI: 0.0–2.9). The secondary clinical attack rate
was the highest among family members (7.9%) (95%
CI: 6.6–9.3), followed by co-workers/friends (3.4%)
(95% CI: 2.5–4.4), those travelling with a case (3.4%)
(95% CI: 1.9–5.4) and nosocomial contacts (1.1%) (95%
CI: 0.4–2.3) (Figure 3C).

Secondary clinical attack rate

Factors associated with the risk of a contact
becoming a case

Of the 6,028 contacts traced and entered in the database, 248 became secondary cases, representing an
overall secondary clinical attack rate of 4.1% (95% CI:
3.6–4.6). The secondary clinical attack rate was lower
in second generation or later contacts (2.3%, 20/861)
(95% CI: 1.4–3.6) than in first generation contacts
(4.5%, 234/5,175) (95% CI: 4.0–5.1).
The secondary clinical attack rate decreased over time,
from 6.8% at the beginning of the epidemic to 1.8% in
weeks 12 to 13 (Figure 2C), and varied by region, from
0% to 8.7% (Figure 2D). The secondary clinical attack
rate increased with the age of the contact irrespective
of sex, ranging from 4.7% (95% CI: 3.2–6.7) for contacts aged 0–14 years to 12.2% (95% CI: 8.0–17.7) for
contacts who were 75 or older (Figure 3A). The secondary clinical attack rate also increased with the age of
the index case, from 2.0% (95% CI: 0.7–4.7) for cases
aged 0–14 years to 6.2% (95% CI: 4.3–8.7) for cases
75 and older, although there were few index cases aged
0-14 years (n = 15) (Figure 3B). The secondary clinical
attack rate did not vary with the sex of the index case,
although it was higher for males 75 or older (9.8%)
(95% CI: 6.7–13.7) than for females 75 or older (0.5%)
4

In univariable analysis, the sex of the index case
and the contact was not associated with the risk of
a contact becoming a case. Therefore, only the type
of relationship, the age of the contact and the age of
the index case were considered for the multivariable
model. All three of these risk factors remained significantly associated with the risk of a contact becoming a
case in the multivariable analysis. The odds of becoming a case were highest for contacts aged 45–59 years
(adjusted odds ratio (AOR): 1.7, 95% CI: 1.1–2.7), 60–74
years (AOR: 2.0, 95% CI: 1.2–3.3), and older than 75
years (AOR: 2.1, 95% CI: 1.1–3.9), compared with the
reference group of 15–29-year-olds (Figure 3D). The
odds were higher for contacts whose index case was
60–74 years (AOR: 2.5, 95% CI: 1.4–4.4) or older than
75 years (AOR: 3.1, 95% CI: 1.6–5.8), compared with
the reference group of 15–29-year-olds (Figure 3E).
Contacts of index cases younger than 15 years had a
similar risk than contacts of index cases aged 15–29
years (AOR: 0.8, 95% CI: 0.2–2.9). We found no significant interaction between the age of the index case and
the age of the contact. Family contacts were at higher
risk of becoming cases (AOR: 2.1, 95% CI: 1.4–3.0) and
www.eurosurveillance.org

Figure 2
Description of contact tracing data for COVID-19 cases over time and regions, France, 24 January 2020–30 March 2020
(n = 735 index cases; 6,028 contacts; 248 secondary cases)
B. Proportion of confirmed cases with contacts traced
and in database by region
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nosocomial contacts were at lower risk (AOR: 0.3, 95%
CI: 0.1–0.7), compared with co-workers/friends (Figure
3F).
In the sensitivity analyses accounting for regional and
temporal differences in data collection, accounting for
the generation of transmission or restricting the data
to moderate/high-risk contacts, the estimates were
not substantially modified compared with the baseline
model (Supplementary Figures S2, S3 and S4). The sensitivity analysis that included contacts with multiple
index cases (with random assignment of a single index
case) also showed results consistent with the baseline
analysis (Supplementary Figure S5).
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Chains of transmission

Overall, 328 connections between cases were identified, representing plausible transmission events
between an infector and an infectee (Figure 4). Of
these, 259 infector/infectee pairs were identified
through contact tracing and 69 were reconstituted retrospectively through epidemiological investigations in
Oise. These pairs involved 418 individuals, including
154 infectors. In total, 109 unique transmission chains
with at least two cases were identified with a median
size of two cases and a mean size of 3.8 cases (Figure
5A). The largest chain included 39 cases and spanned
five generations (Figure 5B).
In Oise, the first two cases were identified on 25
February 2020, both with symptom onset on 10
5

Figure 3
Secondary clinical attack rate and factors associated with the risk of a contact of a COVID-19 case to become a case. France,
24 January 2020–30 March 2020 (n = 735 index cases; 6,028 contacts; 248 secondary cases)
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February 2020. Epidemiological investigations showed
that these two cases were not the first to occur in the
department and were part of a larger cluster, with several large chains of transmission occurring in a military
support facility, a secondary school and a high school.
Several transmission events were also associated with
nosocomial settings such as two hospitals, a clinic and
a general practice. In total, nine transmission chains
were reconstructed, including the two largest chains
– one with 23 cases and one with 39 cases, spanning
four and five generations, respectively. Some cases
belonging to these chains also gave rise to secondary
cases in other departments. A few other transmission
events (smaller chains in Figure 4A) were identified in
this department during the investigation period but
could not be formally linked to the large chains. In
total, 97 infector/infectee pairs could be established in
this cluster, including 69 through retrospective investigations and 28 through prospective contact tracing.
Among pairs identified through contact tracing, the
median age of the infectors was 51 years (interquartile
range (IQR) 37–67), 3% (4/127) were children (under 15
years old) and 51% (67/131) were female. The median
age of the infectees was 48 years (IQR 30–62), 12%
(28/236) were children and 55% (137/247) were female.
These characteristics were similar in the retrospective pairs, although the infectees were older than in
contact tracing (median age 54 vs 48 years, p = 0.01)
(Supplementary Table S3). In the contact tracing pairs,
the infectors and infectees were family members in
52% (134/259) of the pairs, coworkers or friends in
26% (67/259) of the pairs, travelling companions in
7% (17/259) of the pairs, associated with nosocomial
transmission in 3% (8/259) of the pairs, and “other/
unknown” relationships in 12% of the pairs. In the retrospective pairs, the proportion of nosocomial transmission was higher than in contact tracing: 14% (10/69)
vs 3% (8/259) (p < 0.001) (Supplementary Table S3).
In the contact tracing data, index cases had 0.34 (95%
CI: 0.27–0.42) detected secondary cases on average
(Figure 5C). The distribution of secondary cases was
highly over-dispersed, with 80% (198/248) of detected
secondary cases being caused by 10% (74/735) of
cases (negative binomial dispersion parameter (NBDP):
0.17, 95% CI: 0.12–0.22). In retrospective investigations, the mean number of secondary cases was 0.9
(95% CI: 0.53–1.54) and 80% (46/58) of detected secondary cases were caused by 16% (10/64) of cases
(NBDP: 0.28; 95%CI 0.09–0.47). Six superspreading
events were associated with three infectors generating
seven to eight secondary cases (identified through retrospective investigations) and three infectors generating 10–13 secondary cases (identified through contact
tracing). These transmission events occurred in the
workplace (10 cases), during a dinner between neighbours (six cases), during a family/religious gathering
(10 cases) or included mixed types of relationships
such as family, nosocomial and co-worker contact (31
cases). Among the 328 reported serial intervals (Figure
www.eurosurveillance.org

5D), 3 (0.9%) were negative and 38 (12%) were null.
The serial interval had a mean of 5.1 days (standard
deviation 4.1, median 5, IQR: 2–8 days) when calculated on pairs from contact tracing, and a mean of
6.8 days (standard deviation 4.5, median 6, IQR: 3–8)
when calculated on pairs from retrospective investigations. Overall, the serial interval decreased over time
(Supplementary Figure S6), potentially because of a
quicker isolation of cases and/or a right censoring
effect (the long serial intervals were not observed at
the end of the study period).

Discussion

Using data from contact tracing and epidemiological
investigations conducted during the initial phase of
the COVID-19 pandemic in France, we characterised the
secondary clinical attack rate and the factors associated with the risk of a contact becoming a case among
the 6,082 contacts of the 735 index cases. We also analysed chains of transmission and estimated key parameters of spread among 328 infector/infectee pairs.
Overall, 4.1% of contacts identified and entered into the
database became secondary cases. Since only symptomatic contacts were tested and some people infected
by SARS-CoV-2 do not develop symptoms [19,20], some
asymptomatic infections were probably missed among
contacts. As around 20% of SARS-CoV-2 infections are
asymptomatic [19,20], we hypothesise that about 60
asymptomatic secondary infections might have been
missed among contacts and that about 5% of the contacts (rather than 4.1%) might have been identified as
secondary infections if asymptomatic contacts had
been tested. In addition to the management of asymptomatic infections, the definition of a contact might
vary between studies and therefore impact the estimates of secondary attack rates. Cheng et al. found a
lower secondary clinical attack rate of 0.7% [10], but
the number of contacts identified per index case was
much higher (27 on average, compared with eight in
our study) and may have included more low-risk contacts than in our study; in our study, most contacts
identified and recorded in the database were moderate/high-risk contacts. Conversely, in studies where
5–10 contacts were identified per index case during the
early pandemic, the secondary attack rate (including
asymptomatic patients) was 3.7–11.7% [6,7,9,12,21].
More generally, a high variability was observed in the
secondary attack rates reported in the literature as
the result of different levels of control of the COVID19 pandemic between countries or different study settings (e.g., contact tracing in the general population vs
school settings [22] or early reports of secondary transmission associated with specific events such as meals
or holidays [23]).
We found the highest secondary clinical attack rate
among family contacts (7.9%, including household and
non-household members, which we could not distinguish), highlighting the substantial risks associated
with SARS-CoV-2 transmission between close family
7

Figure 4
Chains of transmission for COVID-19 cases, distribution of sex and distribution of age. France, 24 January 2020–30 March
2020 (n = 418 cases)
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members [24]. Family contacts might also be easier
to identify as they constitute a close and well defined
population compared to other types of contacts such
as co-workers or friends, who may be more difficult to
define. In contact tracing studies where asymptomatic
patients were tested, the household secondary attack
rate was found to be between 9 and 17% [6,8,9,11,12],
but a more recent study found attack rates as high
as 53% [25]. As in other studies, the secondary clinical attack rate was lower among nosocomial contacts
[7,9,10,12]. We also found a lower secondary clinical
attack rate among contacts of the second generation
or later, compared with first generation contacts, suggesting the positive impact of isolation measures.
In our study population, we found that the risk of
becoming a case was more than twice as high for contacts older than 45 years compared with contacts 15–29
years old. This difference might be because older individuals develop more severe symptoms and therefore
are more likely to be detected [26,27]. Since contact
tracing is triggered by the detection of a symptomatic
case and most infected children appear to be asymptomatic or mildly symptomatic [28], only 15 index cases
of 735 were children in our study. Given this important
selection bias and the small number of children, our
data do not make it possible to robustly compare the
infectiousness of children with the infectiousness of
adults during the early stages of the pandemic.
Interestingly, the age-specific contact patterns
observed in our study before cases are isolated were
very consistent with those obtained in a large-scale
population survey conducted in France in 2012 [16].
This similarity suggests that the contact tracing data
are representative of contact patterns in the general
population, and that the Béraud’s contact matrix is
appropriate for modelling the early dynamics of a pandemic, before lock-down, as was, for example, done by
Salje et al. [26].
We found an average serial interval of 5.1 days in contact tracing pairs, which is consistent with published
estimates of 4–6 days obtained in similar contexts of
case isolation [6,29-33]. This serial interval must be
considered a lower bound of what would happen in
a situation without control measures as the isolation
of cases has a truncating effect. Such truncation has
been demonstrated by Bi et al. in their observation
that the serial interval increased with delays in isolating cases, from 3.6 days if the infected individual was
isolated less than 3 days after infection to 8 days if
the infected individual was isolated on 3 days or later
after symptom onset [6]. This finding is consistent with
our estimate of 6.8 days for the serial interval in pairs
of infectors/infectees, who were identified retrospectively and more likely to have delayed or limited isolation than contact traced pairs.
The mean number of secondary cases identified per
index case was 0.3–0.9. These values are lower than
www.eurosurveillance.org

the estimates for the reproduction number of SARSCoV-2 in the absence of interventions, which is around
2.5–3 [26]. This difference can be explained by a combination of factors: the number of secondary cases
could be reduced due to contact tracing and isolation
measures; asymptomatic infections are not observed
in the study settings; and some symptomatic secondary cases might have been missed or not recorded in
the database despite contact tracing. Other studies
conducted in a similar context obtained similar results,
with 0.4–0.7 secondary cases identified per index case
[6,8,13]. We estimated the dispersion parameter of the
secondary cases’ distribution to be between 0.15 and
0.30, indicating a high degree of superspreading. This
result adds to the growing evidence that transmission
of SARS-CoV-2 is highly over-dispersed [13,34-36]. This
finding has important implications for control efforts
– e.g., interventions targeting settings where superspreading events occur could substantially reduce
overall transmission.
Our study has several limitations. Data collected during outbreaks are often noisy and incomplete because
of the difficult conditions in which they are collected.
Case definitions and protocols evolved during the
study period to adapt to the changing epidemic situation and new knowledge about the virus and its transmission. More importantly, there are major practical
challenges associated with contact tracing, including
the difficulty of both identifying all potential contacts
of an individual and closely monitoring those contacts
during the recommended follow-up period of 14 days,
especially with limited human resources. We showed
that the proportion of traced cases and the secondary
clinical attack rate declined over time and varied across
regions. This decline and variation likely reflects variations in data quality and completeness rather than the
true evolution of the epidemiological situation due to
control measures. Indeed, contact tracing could not
be scaled up to meet the exponentially growing burden during the early phase of the COVID-19 pandemic,
and investigation teams were quickly overwhelmed
with the increasing numbers of new cases. Therefore,
the proportion of secondary cases that were missed
by the contact tracing was probably larger at the end
of the study period than at the beginning, when contacts were easier to trace. Moreover, the work overload
was heterogeneous between regions, depending on
the local epidemiological situation, and therefore data
may vary in quality and consistency. North-eastern
France was the most severely affected area (especially
Ile-de-France and Grand Est regions) [26]. However, in
a sensitivity analysis, our risk factor estimates were
robust when accounting for regional and temporal
differences in data collection. Another difficulty was
collecting data on contacts and cases in healthcare
settings. Given that the priority for hospital staff was
patient care, it is perfectly understandable that, with
the increasing numbers of new patients, only a short
amount of time was left for providing epidemiological
data and contact tracing. Consequently, a substantial
9

Figure 5
Summary statistics of the transmission chains: chain sizes, generations, secondary cases arising from a COVID-19 case and
serial intervals. France, 24 January 2020–30 March 2020 (n = 418 cases)

A. Distribution of chain size

B. Distribution of generations of cases arising from a case
80%

80%

2%
60%

60%

2%

1%

1%

40%

2%
0%

40%

0%

0%
3

20%

10

20

30

39

2

20%

0%

3

4

5

0%
1

10

20

30

39

0

1

2

3

4

5

Generations

Chain size

C. Distribution of secondary cases arising from a case

D. Distribution of serial intervals in days
12%

80%
3%

60%

9%

2%
1%

40%

6%

0%
2

20%

5

10

13

0%

3%

0%
0

5

10

13

-5

0

5

10

15

20

25

Serial interval

Secondary cases

Origin of chains
Mixed

Retrospective

Traced

In panel B, cases with no infected contacts have no generations. Panel C, contact tracing considers all index cases, including those who had
no identified transmission chain and are therefore not in the transmission network panel of Figure 4A. For retrospective investigations, this
distribution represents all infectors and infectees, including cases with no identified onward transmissions. In panels A, B and C, insets show
a portion of the same data after removing the first two bars.

10

www.eurosurveillance.org

proportion of contacts and secondary cases in hospital
settings may have been missed, potentially leading to
an under-estimation of the role of the hospital in SARSCoV-2 transmission. Interestingly, nosocomial transmission was documented in 3% of the infector/infectee
pairs identified through contact tracing but was 14% in
retrospective pairs in Oise, where thorough investigations probably helped to better document nosocomial
transmission. The contribution of healthcare settings
to overall transmission seems highly variable across
studies [7,9,10]. It was not possible to investigate
healthcare workers as a distinct category as they could
be classified as co-workers or nosocomial contacts and
could not be distinguished (Supplementary Text S2).
Finally, the infector/infectee pairs were established
by the investigators based on the known relationships between the index and secondary cases and the
circumstances of their contact. However, these putative transmission events are not biologically proven,
and we cannot exclude that some cases have been
exposed to other infected persons. In addition, since
not all cases had their contacts traced, the transmission chains that we observed are incomplete and their
size underestimated.
In conclusion, this study has contributed to improving
our knowledge and understanding of COVID-19 during
the early pandemic. Despite the immense efforts necessary to perform contact tracing during outbreaks,
collection and analysis of contact tracing data are
needed to understand disease transmission and to
define effective control strategies.

Authors’ contributions
Juliette Paireau, Alexandra Mailles, Henrik Salje, Valérie
Pontiès and Simon Cauchemez conceived and designed
the analysis. Alexandra Mailles, Franck de Laval, François
Delon and Valérie Pontiès contributed to retrospective investigations and contact tracing and collected the data.
Juliette Paireau, Catherine Eisenhauer and Paolo Bosetti performed the statistical analysis. Juliette Paireau and Simon
Cauchemez wrote the first draft of the manuscript. All authors contributed to the final manuscript.

References
1.

2.

3.

4.

5.

6.

Acknowledgements
We are indebted to the work of public health staff in Santé
publique France regional offices and headquarters and
Agences Régionales de Santé, who are involved in COVID-19
surveillance and greatly contributed to contact tracing, retrospective investigations, data collection and data management. We thank Sylvie Haeghebaert, Caroline Vanbockstael
and the Service de Santé des Armées for contributing to retrospective investigations in Oise, and Daniel Lévy-Bruhl and
Sibylle Bernard-Stoecklin for useful discussions. We thank
all patients and contacts involved in the study as well as the
medical staff.

7.

Funding statement: This work was supported by the LabEx
Integrative Biology of Emerging Infectious Diseases (IBEID)
(Grant Number ANR-10-LABX-62-IBEID), Santé Publique
France, project Theracov, the INCEPTION project (PIA/ANR16-CONV-0005), the European Union’s Horizon 2020 research and innovation program under grants 101003589
(RECOVER) and 874735 (VEO), and the National Research
Agency (ANR) through the ANR-Flash call for COVID-19 (Grant
ANR-20-COVI-0018).

10.

Conflict of interest

13.

8.

9.

11.

12.

None declared.
14.

www.eurosurveillance.org

AFP-Agence France Presse. Coronavirus: 4.5 Billion
People Confined. Barron’s: New Jersey; 17 Apr 2020.
Available from: https://www.barrons.com/news/
coronavirus-4-5-billion-people-confined-01587139808
Santé publique France. COVID-19 - Point épidémiologique
hebdomadaire du 13 mai 2021. [COVID-19 weekly
epidemiological report]. Saint-Maurice: Santé
publique France. 13 May 2021. French. Available from:
https://www.santepubliquefrance.fr/maladies-ettraumatismes/maladies-et-infections-respiratoires/
infection-a-coronavirus/documents/bulletin-national/
covid-19-point-epidemiologique-du-13-mai-2021
Bernard Stoecklin S, Rolland P, Silue Y, Mailles A, Campese
C, Simondon A, et al. First cases of coronavirus disease 2019
(COVID-19) in France: surveillance, investigations and control
measures, January 2020. Euro Surveill. 2020;25(6):2000094.
https://doi.org/10.2807/1560-7917.ES.2020.25.6.2000094
PMID: 32070465
Glasser JW, Hupert N, McCauley MM, Hatchett R. Modeling
and public health emergency responses: lessons from
SARS. Epidemics. 2011;3(1):32-7. https://doi.org/10.1016/j.
epidem.2011.01.001 PMID: 21420657
Swanson KC, Altare C, Wesseh CS, Nyenswah T, Ahmed
T, Eyal N, et al. Contact tracing performance during the
Ebola epidemic in Liberia, 2014-2015. PLoS Negl Trop Dis.
2018;12(9):e0006762. https://doi.org/10.1371/journal.
pntd.0006762 PMID: 30208032
Bi Q, Wu Y, Mei S, Ye C, Zou X, Zhang Z, et al. Epidemiology
and transmission of COVID-19 in 391 cases and 1286 of their
close contacts in Shenzhen, China: a retrospective cohort
study. Lancet Infect Dis. 2020;20(8):911-9. https://doi.
org/10.1016/S1473-3099(20)30287-5 PMID: 32353347
Liu T, Liang W, Zhong H, He J, Chen Z, He G, et al. Risk factors
associated with COVID-19 infection: a retrospective cohort
study based on contacts tracing. Emerg Microbes Infect.
2020;9(1):1546-53. https://doi.org/10.1080/22221751.2020.17
87799 PMID: 32608325
Jing Q-L, Liu M-J, Zhang Z-B, Fang L-Q, Yuan J, Zhang A-R, et al.
Household secondary attack rate of COVID-19 and associated
determinants in Guangzhou, China: a retrospective cohort
study. Lancet Infect Dis. 2020;20(10):1141-50. https://doi.
org/10.1016/S1473-3099(20)30471-0 PMID: 32562601
Luo L, Liu D, Liao X, Wu X, Jing Q, Zheng J, et al. Contact
Settings and Risk for Transmission in 3410 Close Contacts of
Patients With COVID-19 in Guangzhou, China : A Prospective
Cohort Study. Ann Intern Med. 2020;173(11):879-87. https://
doi.org/10.7326/M20-2671 PMID: 32790510
Cheng H-Y, Jian S-W, Liu D-P, Ng T-C, Huang W-T, Lin H-H, et
al. Contact Tracing Assessment of COVID-19 Transmission
Dynamics in Taiwan and Risk at Different Exposure Periods
Before and After Symptom Onset. JAMA Intern Med. 2020
01;180(9):1156-63.
Park YJ, Choe YJ, Park O, Park SY, Kim Y-M, Kim J, et al. Contact
Tracing during Coronavirus Disease Outbreak, South Korea,
2020. Emerg Infect Dis. 2020;26(10):2465-8. https://doi.
org/10.3201/eid2610.201315 PMID: 32673193
Laxminarayan R, Wahl B, Dudala SR, Gopal K, Mohan B C,
Neelima S, et al. Epidemiology and transmission dynamics of
COVID-19 in two Indian states. Science. 2020;370(6517):691-7.
https://doi.org/10.1126/science.abd7672 PMID: 33154136
Adam DC, Wu P, Wong JY, Lau EHY, Tsang TK, Cauchemez S,
et al. Clustering and superspreading potential of SARS-CoV-2
infections in Hong Kong. Nat Med. 2020;26(11):1714-9. https://
doi.org/10.1038/s41591-020-1092-0 PMID: 32943787
European Centre for Disease Prevention and Control (ECDC).
Public health management of persons having had contact with
cases of novel coronavirus in the European Union. Stockholm:
ECDC; Feb 2020. Available from:https://www.ecdc.europa.

11

15.
16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.
27.

28.

29.

30.

31.

12

eu/sites/default/files/documents/covid-19-public-healthmanagement-contact-novel-coronavirus-cases-EU.pdf
Fontanet A, Tondeur L, Madec Y, Grant R, Besombes C, Jolly N,
et al. Cluster of COVID-19 in northern France: A retrospective
closed cohort study. medRxiv. 1Jan2020;2020.04.18.20071134.
Béraud G, Kazmercziak S, Beutels P, Levy-Bruhl D, Lenne X,
Mielcarek N, et al. The French Connection: The First Large
Population-Based Contact Survey in France Relevant for the
Spread of Infectious Diseases. PLoS One. 2015;10(7):e0133203.
https://doi.org/10.1371/journal.pone.0133203 PMID: 26176549
World Health Organization (WHO). The First Few X (FFX) Cases
and contact investigation protocol for 2019-novel coronavirus
(2019-nCoV) infection. Geneva: WHO. 23 Feb 2020. Available
from: https://www.who.int/publications/i/item/the-firstfew-x-cases-and-contacts-(-ffx)-investigation-protocol-forcoronavirus-disease-2019-(-covid-19)-version-2.2
R Core Team. R: A language and environment for statistical
computing [Internet]. Vienna, Austria: R Foundation for
Statistical Computing; 2020. Available from: http://www.Rproject.org/
Mizumoto K, Kagaya K, Zarebski A, Chowell G. Estimating
the asymptomatic proportion of coronavirus disease 2019
(COVID-19) cases on board the Diamond Princess cruise ship,
Yokohama, Japan, 2020. Euro Surveill. 2020;25(10). https://
doi.org/10.2807/1560-7917.ES.2020.25.10.2000180 PMID:
32183930
Buitrago-Garcia D, Egli-Gany D, Counotte MJ, Hossmann
S, Imeri H, Ipekci AM, et al. Occurrence and transmission
potential of asymptomatic and presymptomatic SARS-CoV-2
infections: A living systematic review and meta-analysis. PLoS
Med. 2020;17(9):e1003346. https://doi.org/10.1371/journal.
pmed.1003346 PMID: 32960881
Kwok KO, Wong VWY, Wei WI, Wong SYS, Tang JW-T.
Epidemiological characteristics of the first 53 laboratoryconfirmed cases of COVID-19 epidemic in Hong Kong, 13
February 2020. Euro Surveill. 2020;25(16):2000155. https://
doi.org/10.2807/1560-7917.ES.2020.25.16.2000155 PMID:
32347198
Larosa E, Djuric O, Cassinadri M, Cilloni S, Bisaccia E, Vicentini
M, et al. Secondary transmission of COVID-19 in preschool
and school settings in northern Italy after their reopening in
September 2020: a population-based study. Euro Surveill.
2020;25(49):2001911. https://doi.org/10.2807/1560-7917.
ES.2020.25.49.2001911 PMID: 33303065
Liu Y, Eggo RM, Kucharski AJ. Secondary attack rate
and superspreading events for SARS-CoV-2. Lancet.
2020;395(10227):e47. https://doi.org/10.1016/S01406736(20)30462-1 PMID: 32113505
Thompson HA, Mousa A, Dighe A, Fu H, Arnedo-Pena
A, Barrett P, et al. Severe Acute Respiratory Syndrome
Coronavirus 2 (SARS-CoV-2) Setting-specific Transmission
Rates: A Systematic Review and Meta-analysis. Clin Infect
Dis. 2021;73(3):e754-64. https://doi.org/10.1093/cid/ciab100
PMID: 33560412
Grijalva CG, Rolfes MA, Zhu Y, McLean HQ, Hanson KE,
Belongia EA, et al. Transmission of SARS-COV-2 Infections
in Households - Tennessee and Wisconsin, April-September
2020. MMWR Morb Mortal Wkly Rep. 2020;69(44):1631-4. .
Available from: https://www.cdc.gov/mmwr/volumes/69/wr/
mm6944e1.htm https://doi.org/10.15585/mmwr.mm6944e1
PMID: 33151916
Salje H, Tran Kiem C, Lefrancq N, Courtejoie N, Bosetti P,
Paireau J, et al. Estimating the burden of SARS-CoV-2 in France.
Science. 2020 10;369(6500):208-11.
Verity R, Okell LC, Dorigatti I, Winskill P, Whittaker C, Imai N,
et al. Estimates of the severity of coronavirus disease 2019:
a model-based analysis. Lancet Infect Dis. 2020;20(6):66977. https://doi.org/10.1016/S1473-3099(20)30243-7 PMID:
32240634
Castagnoli R, Votto M, Licari A, Brambilla I, Bruno R, Perlini S,
et al. Severe Acute Respiratory Syndrome Coronavirus 2 (SARSCoV-2) Infection in Children and Adolescents: A Systematic
Review. JAMA Pediatr. 2020;174(9):882-9. https://doi.
org/10.1001/jamapediatrics.2020.1467 PMID: 32320004
Du Z, Xu X, Wu Y, Wang L, Cowling BJ, Meyers LA. Serial
Interval of COVID-19 among Publicly Reported Confirmed
Cases. Emerg Infect Dis. 2020;26(6):1341-3. https://doi.
org/10.3201/eid2606.200357 PMID: 32191173
He X, Lau EHY, Wu P, Deng X, Wang J, Hao X, et al. Temporal
dynamics in viral shedding and transmissibility of COVID-19.
Nat Med. 2020;26(5):672-5. https://doi.org/10.1038/s41591020-0869-5 PMID: 32296168
Tindale LC, Stockdale JE, Coombe M, Garlock ES, Lau WYV,
Saraswat M, et al. Evidence for transmission of COVID-19
prior to symptom onset. eLife. 2020;9:e57149. https://doi.
org/10.7554/eLife.57149 PMID: 32568070

32. Zhao S, Gao D, Zhuang Z, Chong MKC, Cai Y, Ran J, et al.
Estimating the Serial Interval of the Novel Coronavirus Disease
(COVID-19): A Statistical Analysis Using the Public Data in
Hong Kong From January 16 to February 15, 2020. Front Phys.
17 Sep 2020. https://doi.org/http://dx.doi.org/10.3389/
fphy.2020.00347
33. Ganyani T, Kremer C, Chen D, Torneri A, Faes C, Wallinga J, et
al. Estimating the generation interval for coronavirus disease
(COVID-19) based on symptom onset data, March 2020. Euro
Surveill. 2020;25(17). https://doi.org/10.2807/1560-7917.
ES.2020.25.17.2000257 PMID: 32372755
34. Endo A, Abbott S, Kucharski AJ, Funk S, Centre for the
Mathematical Modelling of Infectious Diseases COVID-19
Working Group. Estimating the overdispersion in COVID-19
transmission using outbreak sizes outside China.
Wellcome Open Res. 2020;5:67. https://doi.org/10.12688/
wellcomeopenres.15842.3 PMID: 32685698
35. Tariq A, Lee Y, Roosa K, Blumberg S, Yan P, Ma S, et al. Realtime monitoring the transmission potential of COVID-19 in
Singapore, March 2020. BMC Med. 2020 03;18(1):166.
36. Lau MSY, Grenfell B, Thomas M, Bryan M, Nelson K, Lopman
B. Characterizing superspreading events and age-specific
infectiousness of SARS-CoV-2 transmission in Georgia, USA.
Proc Natl Acad Sci U S A. 2020;117(36):22430-5. https://doi.
org/10.1073/pnas.2011802117

License, supplementary material and copyright
This is an open-access article distributed under the terms of
the Creative Commons Attribution (CC BY 4.0) Licence. You
may share and adapt the material, but must give appropriate
credit to the source, provide a link to the licence and indicate
if changes were made.
Any supplementary material referenced in the article can be
found in the online version.
This article is copyright of the authors or their affiliated institutions, 2022.

www.eurosurveillance.org

