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ARTICLE

Using secondary cases to characterize the severity
of an emerging or re-emerging infection
Tim K. Tsang 1,2, Can Wang1, Bingyi Yang1, Simon Cauchemez 3,4 & Benjamin J. Cowling 1,2,4✉

The methods to ascertain cases of an emerging infectious disease are typically biased toward

cases with more severe disease, which can bias the average infection-severity profile. Here,

we conducted a systematic review to extract information on disease severity among index

cases and secondary cases identified by contact tracing of index cases for COVID-19. We

identified 38 studies to extract information on measures of clinical severity. The proportion of

index cases with fever was 43% higher than for secondary cases. The proportion of symp-

tomatic, hospitalized, and fatal illnesses among index cases were 12%, 126%, and 179%

higher than for secondary cases, respectively. We developed a statistical model to utilize the

severity difference, and estimate 55% of index cases were missed in Wuhan, China. Infor-

mation on disease severity in secondary cases should be less susceptible to ascertainment

bias and could inform estimates of disease severity and the proportion of missed index cases.
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Characterizing the transmissibility and the severity of
infectious diseases are two urgent priorities when a new
infectious disease emerges, which is highlighted by recent

COVID-19 global pandemic1–3. While reasonable estimates of
transmissibility can usually be inferred from growth rates in
identified cases1,4, it can be more challenging to obtain accurate
initial estimates of the clinical severity of infections. Following the
influenza A(H1N1)pdm09 pandemic in 2009–10, the Fineberg
report identified problems in the measurement of clinical severity
as a major challenge to a measured public health response to an
influenza pandemic5. Early estimates of severity of new infectious
diseases need to take into account the potential for ascertainment
bias and censoring of outcomes6–11.

One difficulty in many emerging diseases is the under-
ascertainment of all cases, because mild cases may escape clin-
ical detection and hence detected cases may be more severe on
average12. One possible approach to avoid this selection bias, and
obtain improved disease severity, is to focus on the severity of
secondary cases that are prospectively identified, such as contact
tracing studies with household transmission study as a special
case13. In these studies, index cases ascertained either by pre-
senting for medical attention or reporting symptoms are not
likely to be representative of all infections, because milder cases
would have a lower probability of being ascertained. However, the
infections among secondary cases may give a more representative
picture of the severity of natural cases.

In contact tracing studies, as with volunteer challenge studies,
the numbers of cases may not be sufficient to allow observation of
the risk of very severe disease following infection, depending on
the virulence of the virus. For example, previous systematic
review suggested that the case fatality risk (CFR) for influenza
A(H1N1)pdm09 ranged from 0.001% to 0.01%14, but the CFR
could be up to 20% for Middle East Respiratory Syndrome
(MERS)10. Therefore, properly determining the sample size
requirement for using this approach would be important. Here,
we reviewed the literature on COVID-19 on its severity profile,
including spectrum of symptom, severity level and mortality rate
among cases, on contact tracing studies that collected information
for both index cases and secondary cases. By systematically
reviewing and analyzing published data, we aim to characterize
the difference in severity for index and secondary cases. We
developed a statistical approach to use the severity level of cases
to estimate the number of undetected index cases. Finally, we
conducted a simulation to determine the sample size requirement
of household transmission studies to characterize the severity of
emerging infectious diseases.

Results
In the systematic review, we identified 4068 studies in our search,
885 duplicates were excluded. After screening the titles and
abstracts of the remaining articles, 599 full texts were screened
(Fig. S1). On the basis of our selection criteria, 561 of those
studies were excluded and 38 met our inclusion criteria15–52

(Table S1). Of these, 19 studies provided information on types of
symptoms15–23,26–29,31,38,40,41,44,48, 10 studies provided infor-
mation on case severity15,18,23,24,26,29,30,32,35,44, 33 studies pro-
vided symptom status15,16,18,19,21–26,28–30,32,34–42,44,46–52,
10 studies provided hospitalization30,33,34,36,37,39,43,48,50,51, and
7 studies provided fatality27,30,33,37,39,43,45 for both index and
secondary cases. Overall, 50,382 index cases and 30,309 secondary
cases provided information on at least one measure of clinical
severity and type of symptoms. For ascertainment methods of
index cases, almost all studies used PCR, with seven studies
additionally used either symptom17,43, radiology17,26,27,33 or
serology21,27,33,46, while one study did not use PCR and used

rapid test34. For ascertainment methods of secondary cases,
majority studies used PCR, with seven studies additionally used
either symptom17,43, radiology17,26,27,33 or serology22,27,33,46,
while three studies used serology25,39,48 and one study used rapid
test34, but not PCR. Regarding to the test coverage among sec-
ondary cases, 23 studies tested all identified contacts to detect
secondary cases, 2 studies only tested symptomatic persons20,45,
4 studies tested less than 70% of identified contacts34,40,43,50 and
5 studies provided no information on test converge17,19,21,46,49.
We summarized the extracted information on clinical severity
and types of symptoms for index cases and secondary cases
(Table 1). Overall, we consistently found that the severity for
index cases was higher than for secondary cases.

Types of symptoms. In general, the frequency of symptoms for
secondary cases was lower than for index cases (Tables 1 and S2). For
fever (Fig. 1), 16/18 studies reported higher frequency for index cases
than secondary cases15–17,19–23,26,27,29,31,38,40,41,48, with 11 of them
reported significant difference15,17,19,21–23,26,29,38,41,48. For cough
(Fig. 2), 17/19 studies reported higher frequency for index cases than
secondary cases15–23,26–29,38,41,44,48, with 7 of them reported sig-
nificant differences15,22,23,26,29,38,48. Nine studies17,21–23,26,29,38,48

reported higher frequency of all recorded symptoms for index cases
than for secondary cases, with four of them reaching statistical sig-
nificance for all recorded symptoms22,23,26,29. Overall, the proportion
of all symptoms for index cases were 1.09 to 1.88-fold higher than for
secondary cases, with statistical significance for all symptoms except
for sore throat. The heterogenicity of the risk ratio comparing the
proportion of symptoms for index and secondary cases were low
except for fever (Table 1). The most commonly reported symptoms
were fever and cough. Based on the reported symptom of secondary
case, 45.0% (95% confidence interval (CI): 42.9%, 47.1%) and 36.3%
(95% CI: 34.4%, 38.3%) of cases had fever and cough respectively.
The proportions of fever and cough for index cases were 43% (95%
CI: 24%, 66%) and 34% (95% CI: 19%, 50%) higher than for sec-
ondary cases respectively.

Clinical severity. Among the 10 identified studies reporting case
severity (Fig. 3), 9 studies15,18,23,24,26,29,30,32,35, reported higher
case severity for index cases than for secondary cases, with
6 studies15,24,26,29,30,32 reporting a statistically significant differ-
ence (Fig. 3 and Table S3). One study reported significantly lower
case severity for index cases than for secondary cases44. Overall,
based on the reported case severity of secondary cases (Table 1),
13.4% (95% CI: 12.8%, 14.1%) of cases were severe/critical. Index
cases were more severe than secondary cases. The proportion of
severe/critical in index cases were 72% (95% CI: 6%, 179%) higher
than in secondary cases. However, the degree of difference in case
severity for index and for secondary cases varied (Table 1).

Symptom status, hospitalization, and fatality for COVID-19.
Among 31 studies reporting symptom status of cases (Fig. 4),
26 studies reported higher proportion of being symptomatic for
index cases than secondary
cases15,16,19,21–26,28–30,32,34–36,38–42,44,46,47,49,51, and 15 studies
reached statistical significance15,19,22,24–26,28–30,32,36,38–40,49.
Overall, based on the secondary cases, 90.8% (95% CI: 90.3%,
91.3%) of cases were symptomatic. The proportion of being
symptomatic for index cases was 12% (95% CI: 6%, 18%) higher
than for secondary cases. However, the difference in symptomatic
proportion for index and for secondary cases varied (Table 1).

Among 10 studies reporting the hospitalization status of cases
(Fig. 5A), 8 studies reported higher proportion of hospitalization
for index cases than secondary cases30,33,36,39,43,48,50,51, and
5 studies reached statistical significance33,43,48,50,51. Overall, based
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on the secondary cases, 6.9% (95% CI: 5.7%, 8.2%) of cases were
hospitalized. The proportion of hospitalization for index cases
was 126% (95% CI: 87%, 174%) higher than for secondary cases,
with low heterogeneity (Table 1).

Among 7 studies reporting fatality status of cases (Fig. 5B), all
studies reported higher proportion of fatality cases for index cases
than secondary cases27,30,33,37,39,43,45, and 2 studies reached
statistical significance27,45. Overall, based on the secondary cases,
0.5% (95% CI: 0.3%, 0.8%) of cases died. The case fatality risk for
index cases was 179% (95% CI: 48%, 425%) higher than for
secondary cases, with low heterogeneity (Table 1).

Risk of bias. Given that the severity of cases could depend on
their age for many infectious diseases, including COVID-19, the
role of age in the severity difference between index and secondary
cases should be explored. If the testing of contacts of all index
cases would also depend on age, then age could be a cofounder on
the association between severity and being an index case. Hence,
we conducted a sensitivity analysis to determine the difference in
severity between index and secondary cases, restricted on studies
that tested all contacts of index cases, so that the probability of
being tested was independent of age (Table S4). For all severity
measure, the severity for index cases was significantly higher than
for secondary cases. This suggested these severity differences could
not be explained by age difference in index and secondary cases.

Next, we tested if the methods to ascertain infections could
explain the difference in severity between index and secondary
cases. Hence, we conducted a sensitivity analysis to determine the
difference in severity between index and secondary cases,
restricted on studies that tested all contacts of index cases, and
using PCR to confirm infections (Table S5). Only one study
fulfilled this criterion for hospitalization and fatality risks and
hence these two measures were ignored. For symptoms, we still
observed significant higher proportion of fever, cough, fatigue
and myalgia for index cases than for secondary cases. For clinical
severity, we still observed higher case severity and proportion of
being symptomatic for index cases than for secondary cases, and
75.6% (73.9%, 77.1%) of secondary cases were symptomatic.

Estimation of undetected index cases. Seven studies reported
case severity were conducted in China, with using the 5th case
definition in China, defining the case severity to asymptomatic,
mild, moderate, severe and critical (Supplementary Note 1). It
should be noted that in Luo et al.29, only index cases with at least
one secondary case were reported. In Li et al.26, clinically con-
firmed and laboratory-confirmed cases were mixed, and also
testing on asymptomatic contacts of cases started February 23,
2020. In Hu et al.23, only clusters with child cases were included
in the study. In Bi et al.15, the severity of cases was determined by
the first clinical assessment of cases, not the whole illness episode.
We used the secondary cases in Luo et al.29, and Hu et al.24 to
estimate the distribution of case severity, since the secondary
cases were laboratory-confirmed and the case severity was
determined by whole illness episode (Table 2). We found the
estimated distributions for these two studies were different, which
may be due to the evolving definitions of severity due to study
period, or geographical difference.

Then, we estimated the number of undetected index cases for
Guangzhou and Wuhan, China based on the observed number of
index cases in Luo et al.29 and Li et al.26 (Table 2), since these two
studies aimed to identify all cases in their study regions. In Luo
et al.29, 147 index cases were ignored since they were imported
cases. The severity information of 68/244 (28%) of index cases
from January 13 to March 6, 2020 were available. After imputing
the missing information for index cases and using the distributionT
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of case severity based on the secondary cases in the same study,
we estimated that there should be 830 (95% credible interval
(CrI): 421, 1539) index cases, suggesting that 67% (95% CrI: 42%,
84%) of index cases were missed due to ascertainment bias. In Li
et al.26, the severity information of 29578/38563 (77%) of index
cases from December 2, 2019 to April 18, 2020 were available. We
used the distribution of case severity based on the secondary cases
in Hu et al.24, which were based in Hunan and included Wuhan,
due to the abovementioned limitation in the study design in Li
et al.26. After imputing the missing information for index cases,
we estimated that there should be 88,349 (95% CrI: 65,545,
119,106) index cases, suggesting that 55% (95% CrI: 41%, 68%) of
index cases were missed due to ascertainment bias. In both
studies, >95% of asymptomatic index cases was missed. Based on
the 97 paired index and secondary cases in Maltezou et al. and
Xie et al., we estimated that the odds ratio of being moderate or
severe secondary cases, for the corresponding index cases were
moderate or severe, was 1.29 (95% CI: 0.42, 3.93), compared with
corresponding index cases were mild or asymptomatic.

Sample size requirement of estimating severity. We conducted a
simulation based on household transmission model to determine
the sample size requirement of obtaining the upper bound or

lower bound of CFR (as an example of measure of severity). In
the simulation we assumed that all cases would be ascertained
regardless of symptoms. In general, when the transmission
probability doubled, the required number of households could be
halved to obtain the same precision of estimates (Fig. 6). For
disease with lower severity (such as less lethal strain for pandemic
influenza) at 0.1% CFR, we found that around 580 households
were needed in order to get the upper bound of the estimate to
10-fold of the corresponding true values for transmissible strain
with high transmissibility (20% transmission probability). For the
disease with moderate or high severity and high transmissibility
at 1% or 10% CFR, respectively 940 and 100 households were
needed to obtain the upper bound of estimate to 2-fold of the true
values and 1380 and 140 households were needed to obtain the
lower bound of estimate to be half of the true values. We also
conducted a simulation study assuming there were 50% children
and 50% adults in households, and the CFR for children was half
for adults (Fig. S2). Overall, slightly more households would be
needed since the sample size requirement would depend on
precision for estimates of CFRs for both children and adults. For
example, for disease with 5% CFR for children and 10% for adults
with 20% transmission probability, 360 households would be
needed to obtain the upper bound of both estimates for CFRs for
children and adults to 2-fold of the true values.
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Fig. 1 Proportion of cases with fever for the index cases and secondary cases for COVID-19, and their corresponding risk ratio of index cases,
compared with secondary cases. Red circles and lines indicate the proportion of fever of index cases and the corresponding 95% exact binomial
confidence intervals. Blue triangles and lines indicate the proportion of fever of secondary cases and the corresponding 95% confidence intervals. Black
squares and lines indicate the risk ratio of proportion of fever of index cases compared with secondary cases and the corresponding 95% confidence
intervals calculated based on normal approximation. All statistical tests are two-sided tests. Adjustments are not made for multiple comparisons.
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Discussion
In this study, we assessed how the presence of different types of
symptoms, case severity, symptom status, hospitalization status
and fatality status could differ between index and secondary cases
in contact tracing studies for COVID-19. For these measures of
severity, we found that index cases were generally more severe
secondary cases. This confirms that the severity profile of index
cases is biased toward infections that cause more serious illness
than average. In general, the heterogeneity of the risk ratio
comparing severity of index cases and secondary cases were low
(I2 < 75%), suggesting that this ascertainment bias was consistent
across studies.

This ascertainment bias is due to way index cases are identified,
since cases need to present for medical attention with particular
symptoms in order to be identified as a case. For COVID-19,
identification of index cases may be conducted on fever44 or
emergency clinics25, passive surveillance in hospitals24,42, or
presence of symptoms in studies22. In some periods, testing may
also be focused on symptomatic individuals only due to limited

supply of tests20,45. For other infectious disease like influenza
(Supplementary Note 2 and Table S6), cases were required to
have a certain number of symptoms, such as cough or fever, in
order to be enrolled as index cases in household transmission
studies. Therefore, the proportion of index cases with cough
could be >90% for some household studies53–55. In contact tra-
cing studies for MERS (Supplementary Note 2 and Fig. S3), the
case with the most severe outcome in a cluster was likely to be the
index case. Therefore, the CFR could be >90% in those
studies56,57. Also, the risk of ICU admission for secondary cases
were around half that of index cases in a study of the avian
influenza A(H7N9) virus58. However, for some very severe dis-
eases, such as avian influenza A(H5N1) virus with >50% CFR,
this bias may be less important58. Other measures of severity may
also be affected, for example the viral loads and the duration of
viral shedding of influenza59.

It should be noted that only a fraction of identified close
contacts are ascertained in some studies, which may cause bias in
estimating the distribution of case severity. For example, when
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Fig. 2 Proportion of cases with cough for the index cases and secondary cases for COVID-19, and their corresponding risk ratio of index cases,
compared with secondary cases. Red circles and lines indicate the proportion of fever of index cases and the corresponding 95% exact binomial
confidence intervals. Blue triangles and lines indicate the proportion of fever of secondary cases and the corresponding 95% confidence intervals. Black
squares and lines indicate the risk ratio of proportion of fever of index cases compared with secondary cases and the corresponding 95% confidence
intervals calculated based on normal approximation. All statistical tests are two-sided tests. Adjustments are not made for multiple comparisons.
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only symptomatic close contacts were tested, so that asympto-
matic cases could not be identified20,35,43,45,60. While this practice
can save resources, it leads to under-ascertainment of asympto-
matic infections. In previous systematic reviews, the asympto-
matic fraction was estimated to be up to 4%–28% for influenza61,
27% (95% CI: 14.5%–39.6%) for ebola62. For pertussis, 56% of
tested asymptomatic contacts were laboratory-confirmed cases63.
Accounting for asymptomatic cases would be important to
characterizing the disease severity. Owing to the potential of pre-
symptomatic and asymptomatic transmission for COVID-
1952,64,65, testing on asymptomatic persons became common
practice in contact tracing studies of COVID-19, which would
address the ascertainment bias for asymptomatic cases.

Therefore, to reduce the ascertainment bias in estimating
severity of diseases, It is recommended to use the severity profile
in secondary cases, in studies that test all close contacts regardless
of the presence of illness10,12,66. Such approach allows the
detection of asymptomatic infections, leading to a more accurate
assessment of severity of disease.

Based on the secondary cases, we estimated the proportion of
cases with fever and cough were 45% and 36% respectively. Eight
previous systematic reviews67–74 did not stratify their analysis
based on the approach for detecting infections (Table S7), and all
found that the proportional of fever and cough were higher than
our estimates, even though four systematic reviews restricted their
analysis to children only, in which the severity of COVID-19
tends to be lower compared with adults70–73, which was also
consistent with the ascertainment bias. We estimated 91% of
cases were symptomatic, which was consistent with a previous
systematic review suggested that 9% of cases were
asymptomatic75. However, these estimates could depend on age
group, with estimates symptomatic proportion for children was
generally lower70,71,73,75 (Table S7), or converge of test, as the
estimates was 73% when restricted to studies with PCR-
confirmed infection and testing on all contacts. On the other
hand, the estimates of symptomatic proportion based on serology
data would be much lower, range from 25% and 2–13% for two
systematic reviews76,77. This difference is also observed in influ-
enza, where the asymptomatic fraction could be much higher for
serology studies compared with case-ascertained studies61. One
potential reason was the imperfect timing of collection of swabs,
resulting in reduced sensitivity to detect infections78. Therefore,
some infections may be missed by PCR but could be captured by
serology79,80. In this case, severity measure may be overestimated

if using PCR-confirmed infections. On the other hand, the esti-
mate from serology could mistakenly classify uninfected persons
as infected because of cross reactions in serology, particularly
when only convalescent sera are collected81–85. Further research
on the discrepancy on symptomatic proportion based on serology
and PCR would be required.

We estimated that the CFR was 0.5%, which was consistent
with the estimates from a systematic review86 and some estimates
from the surveillance case count87. However, the CFR would
likely depend on age88, or potential geographical differences such
as availability of medical resources3, or could be higher for high-
risk groups such as medical personnel89. Some previous estimates
could be up to 2–4% in the early stage of pandemic based on
Wuhan, which was also consistent with the ascertainment bias
that during the pandemic in Wuhan, many mild cases were
undetected and hence the CFR was overestimated90.

The proportion of symptomatic cases for index cases was 50%
higher than for secondary cases, suggesting that a portion of cases
were undetected. By using the distribution of case severity esti-
mated from the laboratory-confirmed secondary cases in
Guangzhou and Hunan, China, we estimated that 68% and 56%
of index cases were undetected in Guangzhou and Wuhan, China
respectively. It was impossible to estimate all undetected cases,
because some of them could be secondary cases for more than
one index cases, depending on the unobserved transmission
networks. Our estimates of undetected index cases were con-
sistent with previous estimates using different methods, such as
the modeling based on mobility data91, changing case
definitions92 or seroprevalence study93. The observed severity of
COVID-19 among secondary cases was still heterogeneous, likely
due to changing case definition when the pandemic evolved92, or
limited resource during the pandemic outbreak so that the
intensity of contact tracing changed. It should be noted that in
our analysis it is assumed that the severity distribution of index
and secondary cases were independent. Although it was sup-
ported by two studies identified in our systematic reviews, it was
also biological plausible that the severity of index and secondary
cases were correlated. Also, we assumed that all secondary cases
were identified, which was also reasonable since the ascertain-
ment bias still exists when focusing on studies tested all identified.
However, if these assumptions were invalid, we would expect that
the severity for secondary cases would be overestimated, because
clusters with both mild index and secondary cases would be more
likely to be missed. Therefore, the number of missed index cases
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Fig. 4 Proportion of symptomatic cases for the index cases and secondary cases for COVID-19, and their corresponding risk ratio of index cases,
compared with secondary cases. Red circles and lines indicate the proportion of fever of index cases and the corresponding 95% exact binomial
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due to case ascertainment bias would be underestimated, and our
estimates of total number of index cases would be a lower bound
of the actual number of index cases.

For disease with high severity such as MERS, the CFR could be
estimated from the analysis of secondary cases in contact tracing
studies. However, this would be more difficult to do for diseases
with low severity such as H1N1pdm0914. Indeed, in such sce-
nario, our simulation study suggests that 1000+ households may
be needed. For a disease with low severity, other settings to
identify secondary cases may be needed, such as contact tracing
for cases identified based on routine surveillance10,15. We also
explored how different severity levels among groups might
impact performance and found that the sample size requirement
would be slightly higher to estimate CFRs in multiple groups.

There could be other potential explanations for the difference
in severity between index and secondary cases. While there could
be difference in age distribution between index and secondary

cases and hence age may explain this difference, our sensitivity
analysis that only included those studies tested all contacts of
index cases suggested that this severity difference still exist. Also,
a study compared pediatric index cases and secondary cases in the
same region36, and found that the proportion of being sympto-
matic for index cases were 78% (95% CI: 57%, 101%) higher than
secondary cases. Given that index cases were identified before
secondary cases, and therefore the treatments may be improved,
and hence secondary cases may get better treatments, compared
with index cases. However, this was unlikely to completely
explain this difference, since the only drug treatments approved
by U.S. Food and Drug Administration on October 202094, and
the identified studies spanned the period from January to
December 2020.

Our study has a number of limitations. First, since the index
cases were more severe compared with average cases, if the
severity of secondary cases was affected by the characteristics of
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Fig. 5 Proportion of cases with hospitalization and death for the index cases and secondary cases for COVID-19, and their corresponding risk ratio of
index cases, compared with secondary cases. Proportion of cases with hospitalization (A) and death (B) for the index cases and secondary cases for
COVID-19, and their corresponding risk ratio of index cases, compared with secondary cases. Panel A and B indicate the proportion of hospitalization and
death respectively. Red circles and lines indicate the proportion of fever of index cases and the corresponding 95% exact binomial confidence intervals.
Blue triangles and lines indicate the proportion of fever of secondary cases and the corresponding 95% confidence intervals. Black squares and lines
indicate the risk ratio of proportion of fever of index cases compared with secondary cases and the corresponding 95% confidence intervals calculated
based on normal approximation. All statistical tests are two-sided tests. Adjustments are not made for multiple comparisons.
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their infectors, then the severity profile of secondary cases may be
biased and may not be representative of all natural infections.
Also, the difference in severity between index and secondary cases
would be underestimated. The underestimation would be even
more severe, if transmissibility and severity were positively cor-
related. Second, the recruitment methods among studies were
different. This may affect the comparability of the results,
although all index cases were laboratory-confirmed in almost all
studies. Third, the definition of presence of symptoms, and also
severity could be different among studies, which may affect the
interpretation of results. Forth, other demographic difference
between index cases and secondary cases may be able to explain
difference in severity, such as index cases had specific occupations
and we may not be able to explore for this. Finally, for many
diseases including COVID-19, severity is likely related to
age13,95–97, but publicly available data are not always sufficient
information to account for this.

In conclusion, we observed higher severity in index cases than
in secondary cases in contact tracing studies for COVID-19,
consistent with ascertainment bias toward more severe cases. We
demonstrated the use of secondary cases in studies testing all
close contacts regardless of illness, to estimate the severity profile.
We developed a statistical model to estimate the number of
undetected index cases, and provided guidelines on the require-
ment of number of households to estimate disease severity from
secondary cases.

Methods
Definition of index and secondary cases. In this study, an index case was defined
as the first detected case in a cluster, while secondary cases were defined as the
identified cases due to contact tracing triggered by detection of the index case.
Some studies may also provide data on sporadic cases, defined as cases without any
identified infected contacts, these sporadic cases were also considered as index
cases in our analysis. It should be noted that some studies used the term ‘primary’
case to define the first detected case in a cluster. We excluded index cases that were

travelers, given that they may be substantially different from local people in the
study regions.

Search strategy and selection criteria. This systematic review was conducted
following the Preferred Reporting Items for Systematic Review and Meta-analysis
(PRISMA) statement98. A standardized search was done in PubMed, Embase and
Web of Science, using the search term “((SARS-CoV-2 OR COVID-19) AND
(household OR close contact) AND (symptom OR severity OR death OR fatal-
ity))”. The search was done on 2 September, 2021, with no language restrictions.
Additional relevant articles from the reference sections were also reviewed.

Contact tracing studies with at least 15 index cases, and reported types of
symptoms and clinical severity among index cases and secondary cases for
COVID-19 were included, and the numbers of index cases and secondary cases,
were extracted. The following symptoms were included: fever, cough, fatigue,
diarrhea, sore throat, headache, and myalgia. Clinical severity was measured as
follows: (1) case severity, defined as the following four categories, asymptomatic,
mild, moderate and severe/critical, (2) symptom status of cases, (3) hospitalization,
and (4) fatality. For each severity measure, we extracted the number of index and
secondary cases with or without presence of that severity measure. Individual data
with information on severity measures was also extracted if available. We also
extracted the age and sex distribution for index and secondary cases, the study
period, the coverage of tests of identified contacts, the case ascertainment methods,
and the settings of contacts. Studies without severity measures for both index and
secondary cases were excluded.

Two authors (T.K.T. and C.W.) independently screened the titles, with
disagreement resolved by consensus together with a third author (B.Y.). Studies
identified from different databases were de-duplicated. Two authors (T.K.T. and
C.W.) independently extracted data from the included studies, with disagreement
resolved by consensus with a third author (B.Y.). Our study aimed to summarize
the severity difference between index and secondary cases caused by ascertainment
bias and therefore this bias would exist by the design of this systematic review. Age
distributions of index cases and secondary cases, sampling methods (the test
converge of contacts), and the methods to ascertain infections (type of laboratory
tests or symptom-based ascertainment) was used as proxies of risk of bias for
individual studies99.

Data analysis. For each symptom and severity measures, we computed the risk of
the event of interest for index and secondary cases, and the corresponding relative
risk for index cases, compared with secondary cases by Fisher’s exact tests. We
conducted random effects meta-analyses, using the inverse variance method and
restricted maximum likelihood estimator for heterogeneity, to summarize the risk

Table 2 Observed number of secondary cases by reported severity level for COVID-19 in China, and the estimated distribution of
severity levels of natural infections based on secondary cases.

Asymptomatic Mild Moderate Severe or critical Total

Estimated distribution of severity levels of natural infections
Luo et al. (Guangzhou, China)
Number of secondary cases 8 18 84 11 121
Estimated distribution of
severity level

0.07 (0.03, 0.12) 0.15 (0.09, 0.22) 0.69 (0.6, 0.77) 0.09 (0.05, 0.15)

Hu et al. (Hunan, China)
Number of secondary cases 104 153 174 40 471
Estimated distribution of
severity level

0.22 (0.18, 0.26) 0.32 (0.28, 0.37) 0.37 (0.33, 0.41) 0.09 (0.06, 0.11)

Estimated numbers of total index cases before and after correcting for case ascertainment bias
Guangzhou, China from Jan 13 to Mar 6, 2020, severity information available for 68/244 (28%) of index cases (based on Luo et al.)
Observed number 1 5 42 20 68
Estimated number before
correcting bias

4 (1, 14) 18 (8, 34) 149 (125, 172) 71 (51, 95) 244

Estimated number after
correcting bias

51 (19, 131) 115 (51, 265) 535 (270, 1108) 71 (51, 95) 830 (421, 1539)

Proportion of missed index cases 0.93 (0.59, 0.99) 0.85 (0.54, 0.95) 0.72 (0.41, 0.88) 0 (0, 0) 0.67 (0.42, 0.84)
Wuhan, China from Dec 2, 2019 to Apr 18, 2020, severity information available for 29578/38563 (77%) of index cases (based on Li et al.)
Observed number 567 14928 8416 5667 29578
Estimated number before
correcting bias

739 (711, 769) 19463
(19360, 19570)

10972
(10878, 11065)

7388
(7303, 7474)

38563

Estimated number after correcting
biasa

19236
(13486, 27854)

28275
(20055, 40448)

31996
(23059, 45905)

7388
(7303, 7474)

88349 (65545,
119106)

Proportion of missed index cases 0.96 (0.94, 0.97) 0.31 (0.03, 0.52) 0.66 (0.52, 0.76) 0 (0, 0) 0.55 (0.41, 0.68)

Observed number of index cases by reported severity level for COVID-19 in China, and the estimated numbers of total index cases before and after correcting for case ascertainment bias, assuming all
severe/critical cases were detected.
aThe distribution of severity distribution was estimated based on data from Hu et al.
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Fig. 6 The estimates of CFR and associated uncertainy with different number of households. The lower bound and upper bound of estimates for case
fatality risk (CFR) under different value of CFR (Panel A-F), and different secondary infection risk in households.
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ratio among the studies for different severity measures100–103. Cochran Q test and
the I2 statistic were used to identify and quantify heterogeneity among included
studies104,105. An I2 value >75% indicates high heterogeneity105.

We aim to use the difference in case severity between index and secondary
cases, to determine the number of undetected index cases. We developed a
statistical approach to estimate the number of undetected index cases in studies
that aimed to identify all cases in a region (Supplementary Note 3). In this
approach, we first used a multinomial model to estimate the proportion of each
level of case severity after infection (Supplementary Note 3), assuming that all
secondary cases were identified and hence the case severity distribution of
secondary cases was the same as that of natural infection, and the severity
distribution of index cases and secondary cases were independent. After that, by
assuming that all severe/critical index cases were observed, we can use the
estimated case severity distribution of natural infection to estimate the number of
undetected index cases with the other three levels of case severity.

Using the CFR as an example, we conducted a simulation study to determine
the power and sample size requirement to estimate the CFR from secondary cases
(Supplementary Note 4). We used an individual-based household transmission
model106 to simulate the number of secondary cases and their fatality outcome,
with different assumptions on CFR, transmission probability and assumed
infectiousness profile since infection (Table S7). We further used the model to
determine the impact of the difference in CFR in different groups (children vs
adults as an example) on requirement of sample size. We reported the upper bound
and lower bound of the estimates of CFR based on different number of households
(from 20-10000), to determine the required sample size to get lower bound and
upper bound estimates for CFR for a disease. We conducted simulations with
different values of CFR for different disease severity, and different values of
transmission probability for different disease transmissibility.

Role of the funding source. The funder of the study had no role in study design,
data collection, data analysis, data interpretation, or writing of the report.

Reporting summary. Further information on research design is available in the Nature
Research Reporting Summary linked to this article.

Data availability
All the extracted data in the systematic review is available in the main text and
supplementary material. They are also used as input in the modeling analysis.

Code availability
Statistical analyses were conducted using R version 4.0.5 (R Foundation for Statistical
Computing, Vienna, Austria). Code is available at Github: https://github.com/timktsang/
severity_review.

Received: 27 July 2021; Accepted: 20 October 2021;

References
1. Li, Q. et al. Early Transmission dynamics in Wuhan, China, of novel

coronavirus-infected pneumonia. N. Engl J. Med. https://doi.org/10.1056/
NEJMoa2001316 (2020).

2. Wu, J. T. et al. Estimating clinical severity of COVID-19 from the
transmission dynamics in Wuhan, China. Nat. Med. 26, 506–510 (2020).

3. O’Driscoll, M. et al. Age-specific mortality and immunity patterns of SARS-
CoV-2. Nature https://doi.org/10.1038/s41586-020-2918-0 (2020).

4. Wallinga, J. & Lipsitch, M. How generation intervals shape the relationship
between growth rates and reproductive numbers. Proc. Biol. Sci. 274, 599–604
(2007).

5. Fineberg, H. V. Pandemic preparedness and response–lessons from the H1N1
influenza of 2009. N. Engl. J. Med. 370, 1335–1342 (2014).

6. Ghani, A. C. et al. Methods for estimating the case fatality ratio for a novel,
emerging infectious disease. Am. J. Epidemiol. 162, 479–486 (2005).

7. Garske, T. et al. Assessing the severity of the novel influenza A/H1N1
pandemic. BMJ 339, b2840 (2009).

8. Verity, R. et al. Estimates of the severity of coronavirus disease 2019: a model-
based analysis. Lancet Infect. Dis. https://doi.org/10.1016/S1473-3099(20)
30243-7 (2020).

9. Wong, J. Y. et al. Infection fatality risk of the pandemic A(H1N1)2009 virus in
Hong Kong. Am. J. Epidemiol. 177, 834–840 (2013).

10. Cauchemez, S. et al. Middle East respiratory syndrome coronavirus:
quantification of the extent of the epidemic, surveillance biases, and
transmissibility. Lancet Infect. Dis. 14, 50–56 (2014).

11. Yu, H. et al. Human infection with avian influenza A H7N9 virus: an
assessment of clinical severity. Lancet 382, 138–145 (2013).

12. Lipsitch, M., Hayden, F. G., Cowling, B. J. & Leung, G. M. How to maintain
surveillance for novel influenza A H1N1 when there are too many cases to
count. Lancet 374, 1209–1211 (2009). PubMed PMID: 19679345.

13. Tsang, T. K., Lau, L. L., Cauchemez, S. & Cowling, B. J. Household
transmission of influenza virus. Trends Microbiol. https://doi.org/10.1016/
j.tim.2015.10.012 (2015).

14. Wong, J. Y. et al. Case fatality risk of influenza A (H1N1pdm09): a systematic
review. Epidemiology 24, 830–841 (2013).

15. Bi, Q. et al. Epidemiology and transmission of COVID-19 in 391 cases and
1286 of their close contacts in Shenzhen, China: a retrospective cohort study.
Lancet Infect. Dis. 20, 911–919 (2020).

16. Bo, Y. et al. Epidemiological and clinical characteristics of 214 families with
COVID-19 in Wuhan, China. Int J. Infect. Dis. 105, 113–119 (2021).

17. Boddington, N. L. et al. Epidemiological and clinical characteristics of early
COVID-19 cases, United Kingdom of Great Britain and Northern Ireland.
Bull. World Health Organ. 99, 178–189 (2021).

18. Chaw, L. et al. Analysis of SARS-CoV-2 transmission in different settings,
Brunei. Emerg. Infect. Dis. 26, 2598–2606 (2020).

19. Chen, P. et al. Epidemiological and clinical characteristics of 136 cases of
COVID-19 in main district of Chongqing. J. Formos. Med. Assoc. 119,
1180–1184 (2020).

20. Dawson, P. et al. Loss of taste and smell as distinguishing symptoms of
coronavirus disease 2019. Clin. Infect. Dis. 72, 682–685 (2021).

21. Freeman, E. E. et al. Pernio-like skin lesions associated with COVID-19: A
case series of 318 patients from 8 countries. J. Am. Acad. Dermatol. 83,
486–492 (2020).

22. Gomaa, M. R. et al. Incidence, household transmission, and neutralizing
antibody seroprevalence of Coronavirus Disease 2019 in Egypt: Results of a
community-based cohort. PLoS Pathog. 17, e1009413 (2021).

23. Hu, P. et al. Retrospective study identifies infection related risk factors in close
contacts during COVID-19 epidemic. Int J. Infect. Dis. 103, 395–401 (2021).

24. Hu, S. et al. Infectivity, susceptibility, and risk factors associated with SARS-
CoV-2 transmission under intensive contact tracing in Hunan, China. Nat.
Commun. 12, 1533 (2021).

25. Kuwelker, K. et al. Attack rates amongst household members of outpatients
with confirmed COVID-19 in Bergen, Norway: a case-ascertained study.
Lancet Reg. Health Eur. 3, 100014 (2021).

26. Li, F. et al. Household transmission of SARS-CoV-2 and risk factors for
susceptibility and infectivity in Wuhan: a retrospective observational study.
Lancet Infect Dis. https://doi.org/10.1016/s1473-3099(20)30981-6 (2021).

27. Li, J. et al. Clinical features of familial clustering in patients infected with 2019
novel coronavirus in Wuhan, China. Virus Res. 286, 198043 (2020).

28. Li, W. et al. Characteristics of household transmission of COVID-19. Clin.
Infect. Dis. 71, 1943–1946 (2020).

29. Luo, L. et al. Contact settings and risk for transmission in 3410 close contacts
of patients with COVID-19 in Guangzhou, China: a prospective cohort study.
Ann. Intern Med. 173, 879–887, www.acponline.org/authors/icmje/
ConflictOfInterestForms.do?msNum=M20-2671 (2020).

30. Maltezou, H. C. et al. Transmission dynamics of SARS-CoV-2 within families with
children in Greece: A study of 23 clusters. J. Med Virol. 93, 1414–1420 (2021).

31. Martinez-Fierro, M. L. et al. The role of close contacts of COVID-19 patients
in the SARS-CoV-2 transmission: an emphasis on the percentage of
nonevaluated positivity in Mexico. Am. J. Infect. Control. 49, 15–20 (2021).

32. Reukers, D. F. M. et al. High infection secondary attack rates of SARS-CoV-2
in Dutch households revealed by dense sampling. Clin Infect. Dis. https://
doi.org/10.1093/cid/ciab237 (2021).

33. Salihefendic, N. et al. Intrafamilial spread of COVID-19 infection within
population in Bosnia and Herzegovina. Mater. Sociomed. 33, 4–9 (2021).

34. Sami, S. et al. Community transmission of SARS-CoV-2 associated with a local
bar opening event-Illinois, February 2021. MMWR Morb. Mortal. Wkly Rep.
70, 528–532 (2021).

35. Shi, Q. et al. Effective control of SARS-CoV-2 transmission in Wanzhou,
China. Nat. Med. https://doi.org/10.1038/s41591-020-01178-5 (2020).

36. Soriano-Arandes, A. et al. Household SARS-CoV-2 transmission and children:
a network prospective study. Clin. Infect. Dis. https://doi.org/10.1093/cid/
ciab228 (2021).

37. Steinberg, J. et al. COVID-19 outbreak among employees at a meat processing
facility-South Dakota, March-April 2020. MMWR Morb. Mortal. Wkly Rep.
69, 1015–1019 (2020).

38. Sun, W. W. et al. [Epidemiological characteristics of COVID-19 family
clustering in Zhejiang Province]. Zhonghua Yu Fang Yi Xue Za Zhi. 54,
625–629 (2020).

39. Thiel, S. L. et al. Flattening the curve in 52 days: characterisation of the
COVID-19 pandemic in the Principality of Liechtenstein-an observational
study. Swiss Med Wkly. 150, w20361 (2020).

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-021-26709-7 ARTICLE

NATURE COMMUNICATIONS |         (2021) 12:6372 | https://doi.org/10.1038/s41467-021-26709-7 | www.nature.com/naturecommunications 11

https://github.com/timktsang/severity_review
https://github.com/timktsang/severity_review
https://doi.org/10.1056/NEJMoa2001316
https://doi.org/10.1056/NEJMoa2001316
https://doi.org/10.1038/s41586-020-2918-0
https://doi.org/10.1016/S1473-3099(20)30243-7
https://doi.org/10.1016/S1473-3099(20)30243-7
https://doi.org/10.1016/j.tim.2015.10.012
https://doi.org/10.1016/j.tim.2015.10.012
https://doi.org/10.1016/s1473-3099(20)30981-6
https://doi.org/10.1093/cid/ciab237
https://doi.org/10.1093/cid/ciab237
https://doi.org/10.1038/s41591-020-01178-5
https://doi.org/10.1093/cid/ciab228
https://doi.org/10.1093/cid/ciab228
www.nature.com/naturecommunications
www.nature.com/naturecommunications


40. Wang, Z., Ma, W., Zheng, X., Wu, G. & Zhang, R. Household transmission of
SARS-CoV-2. J. Infect. 81, 179–182 (2020).

41. Wu, J. et al. Household transmission of SARS-CoV-2, Zhuhai, China, 2020.
Clin. Infect. Dis. 71, 2099–2108 (2020).

42. Xie, W. et al. Infection and disease spectrum in individuals with household
exposure to SARS-CoV-2: A family cluster cohort study. J. Med Virol. 93,
3033–3046 (2021).

43. Arnedo-Pena, A. et al. COVID-19 secondary attack rate and risk factors in
household contacts in Castellon (Spain): preliminary report. Enfermedades
Emerg. 19, 64–70, https://docisolation.prod.fire.glass/?guid=45f61a53-bdcc-
40ab-ded8-dd9646aa077c (2020). Accessed November 11, 2020.

44. Zheng, X. et al. Asymptomatic patients and asymptomatic phases of
coronavirus disease 2019 (COVID-19): a population-based surveillance study.
Natl Sci. Rev. 7, 1527–1539 (2020).

45. Broccia, M. M. et al. Household exposure to SARS-CoV-2 and association
with COVID-19 severity: a Danish nationwide cohort study. Clin Infect Dis.
https://doi.org/10.1093/cid/ciab340 (2021).

46. Chen, Y. et al. The low contagiousness and new A958D mutation of SARS-
CoV-2 in children: an observational cohort study. Int. J. Infect. Dis. https://
doi.org/10.1016/j.ijid.2021.08.036 (2021).

47. Cheng, H. Y. et al. Contact tracing assessment of COVID-19 transmission
dynamics in Taiwan and risk at different exposure periods before and after
symptom onset. Jama Intern. Med. 180, 1156–1163 (2020). PubMed PMID:
WOS:000571868600006.

48. Dupraz, J. et al. Prevalence of SARS-CoV-2 in household members and other
close contacts of COVID-19 cases: a serologic study in Canton of Vaud,
Switzerland. Open Forum Infect. Dis. 8, ofab149 (2021).

49. Miyahara, R. et al. Familial clusters of coronavirus disease in 10 prefectures,
Japan, February-May 2020. Emerg. Infect. Dis. 27, 915–918 (2021).

50. Trunfio, M. et al. On the SARS-CoV-2 “Variolation Hypothesis”: no
association between viral load of index cases and COVID-19 severity of
secondary cases. Front Microbiol. 12, 646679 (2021).

51. Ustundag, G. et al. COVID-19 in healthy children: What is the effect of
household contact? Pediatr Int. https://doi.org/10.1111/ped.14890 (2021).

52. Wu, P. et al. Assessing asymptomatic, pre-symptomatic and symptomatic
transmission risk of SARS-CoV-2. Clin. Infect. Dis. https://doi.org/10.1093/
cid/ciab271 (2021).

53. Ip, D. K. et al. The dynamic relationship between clinical symptomatology and
viral shedding in naturally acquired seasonal and pandemic influenza virus
infections. Clin. Infect. Dis. https://doi.org/10.1093/cid/civ909 (2015).

54. Papenburg, J. et al. Household transmission of the 2009 pandemic A/H1N1
influenza virus: elevated laboratory-confirmed secondary attack rates and
evidence of asymptomatic infections. Clin. Infect. Dis. 51, 1033–1041 (2010).

55. Suess, T. et al. Shedding and transmission of novel influenza virus A/H1N1
infection in households-Germany, 2009. Am. J. Epidemiol. 171, 1157–1164
(2010). PubMed PMID: 20439308.

56. Assiri, A. et al. Multifacility outbreak of middle east respiratory syndrome in
Taif, Saudi Arabia. Emerg. Infect. Dis. 22, 32–40 (2016).

57. Penttinen, P. M. et al. Taking stock of the first 133 MERS coronavirus cases
globally–Is the epidemic changing? Euro Surveill. 18 https://doi.org/10.2807/
1560-7917.es2013.18.39.20596 (2013).

58. Qin, Y. et al. Differences in the epidemiology of human cases of avian
influenza A(H7N9) and A(H5N1) viruses infection. Clin Infect Dis. https://
doi.org/10.1093/cid/civ345 (2015).

59. Tsang, T. K. et al. Influenza A virus shedding and infectivity in households. J.
Infect. Dis. https://doi.org/10.1093/infdis/jiv225 (2015).

60. Reichler, M. R. et al. Household transmission of ebola virus: risks and
preventive factors, Freetown, Sierra Leone, 2015. J. Infect. Dis. 218, 757–767
(2018).

61. Leung, N. H., Xu, C., Ip, D. K. & Cowling, B. J. The fraction of influenza virus
infections that are asymptomatic: a systematic review and meta-analysis.
Epidemiology https://doi.org/10.1097/EDE.0000000000000340 (2015).

62. Dean, N. E., Halloran, M. E., Yang, Y. & Longini, I. M. Transmissibility and
pathogenicity of ebola virus: a systematic review and meta-analysis of
household secondary attack rate and asymptomatic infection. Clin. Infect. Dis.
62, 1277–1286 (2016).

63. Craig, R. et al. Asymptomatic infection and transmission of pertussis in
households: a systematic review. Clin. Infect. Dis. 70, 152–161 (2020).

64. Buitrago-Garcia, D. et al. Occurrence and transmission potential of
asymptomatic and presymptomatic SARS-CoV-2 infections: a living
systematic review and meta-analysis. PLoS Med. 17, e1003346 (2020).

65. Thompson, H. A. et al. SARS-CoV-2 setting-specific transmission rates: a
systematic review and meta-analysis. Clin Infect Dis. https://doi.org/10.1093/
cid/ciab100 (2021).

66. Gibbons, C. L. et al. Measuring underreporting and under-ascertainment in
infectious disease datasets: a comparison of methods. BMC Public Health 14,
147, https://doi.org/10.1186/1471-2458-14-147 (2014).

67. Fathi, M. et al. The prognostic value of comorbidity for the severity of
COVID-19: a systematic review and meta-analysis study. PLoS ONE 16,
e0246190 (2021).

68. Islam, M. M. et al. Clinical characteristics and neonatal outcomes of pregnant
patients with COVID-19: a systematic review. Front. Med. (Lausanne). 7,
573468 (2020).

69. Wong, C. K. H., Wong, J. Y. H., Tang, E. H. M., Au, C. H. & Wai, A. K. C.
Clinical presentations, laboratory and radiological findings, and treatments for
11,028 COVID-19 patients: a systematic review and meta-analysis. Sci. Rep.
10, 19765 (2020).

70. Chang, T. H., Wu, J. L. & Chang, L. Y. Clinical characteristics and diagnostic
challenges of pediatric COVID-19: a systematic review and meta-analysis. J.
Formos. Med Assoc. 119, 982–989 (2020).

71. Li, B. et al. Epidemiological and clinical characteristics of COVID-19 in
children: a systematic review and meta-analysis. Front. Pediatr. 8, 591132
(2020).

72. Panahi, L., Amiri, M. & Pouy, S. Clinical characteristics of COVID-19
infection in newborns and pediatrics: a systematic review. Arch. Acad. Emerg.
Med. 8, e50 (2020).

73. Cui, X. et al. A systematic review and meta-analysis of children with
coronavirus disease 2019 (COVID-19). J. Med Virol. 93, 1057–1069 (2021).

74. Hashan, M. R. et al. Epidemiology and clinical features of COVID-19
outbreaks in aged care facilities: A systematic review and meta-analysis.
EClinicalMedicine 33, 100771 (2021).

75. He, J., Guo, Y., Mao, R. & Zhang, J. Proportion of asymptomatic coronavirus
disease 2019: a systematic review and meta-analysis. J. Med Virol. 93, 820–830
(2021).

76. Oran, D. P. & Topol, E. J. The proportion of SARS-CoV-2 infections that are
asymptomatic: a systematic review. Ann. Intern Med. 174, 655–662 (2021).

77. Chen, X. et al. Serological evidence of human infection with SARS-CoV-2: a
systematic review and meta-analysis. Lancet Glob. Health 9, e598–e609 (2021).

78. Kucirka, L. M., Lauer, S. A., Laeyendecker, O., Boon, D. & Lessler, J. Variation in
false-negative rate of reverse transcriptase polymerase chain reaction-based SARS-
CoV-2 tests by time since exposure. Ann. Intern Med. 173, 262–267 (2020).

79. Miller, T. E. et al. Clinical sensitivity and interpretation of PCR and serological
COVID-19 diagnostics for patients presenting to the hospital. FASEB J. 34,
13877–13884 (2020).

80. Long, Q. X. et al. Antibody responses to SARS-CoV-2 in patients with
COVID-19. Nat. Med. 26, 845–848 (2020).

81. Shrock, E. et al. Viral epitope profiling of COVID-19 patients reveals cross-
reactivity and correlates of severity. Science 370 https://doi.org/10.1126/
science.abd4250 PubMed (2020).

82. Tso, F. Y. et al. High prevalence of pre-existing serological cross-reactivity
against severe acute respiratory syndrome coronavirus-2 (SARS-CoV-2) in
sub-Saharan Africa. Int J. Infect. Dis. 102, 577–583 (2021).

83. Lustig, Y. et al. Potential antigenic cross-reactivity between SARS-CoV-2 and
Dengue viruses. Clin Infect Dis. https://doi.org/10.1093/cid/ciaa1207 (2020).

84. Hicks, J. et al. Serologic cross-reactivity of SARS-CoV-2 with endemic and
seasonal betacoronaviruses. J. Clin. Immunol. 41, 906–913 (2021).

85. Huang, A. T. et al. A systematic review of antibody mediated immunity to
coronaviruses: kinetics, correlates of protection, and association with severity.
Nat. Commun. 11, 4704 (2020).

86. Meyerowitz-Katz, G. & Merone, L. A systematic review and meta-analysis of
published research data on COVID-19 infection fatality rates. Int J. Infect. Dis.
101, 138–148 (2020).

87. Grint, D. J. et al. Case fatality risk of the SARS-CoV-2 variant of concern
B.1.1.7 in England, 16 November to 5 February. Euro Surveill. 26 https://
doi.org/10.2807/1560-7917.ES.2021.26.11.2100256 (2021).

88. Levin, A. T. et al. Assessing the age specificity of infection fatality rates for
COVID-19: systematic review, meta-analysis, and public policy implications.
Eur. J. Epidemiol. 35, 1123–1138 (2020).

89. Wang, K. et al. Factors affecting the mortality of patients with COVID-19
undergoing surgery and the safety of medical staff: a systematic review and
meta-analysis. EClinicalMedicine 29, 100612 (2020).

90. Niforatos, J. D., Melnick, E. R. & Faust, J. S. Covid-19 fatality is likely
overestimated. BMJ 368, m1113 (2020).

91. Li, R. et al. Substantial undocumented infection facilitates the rapid
dissemination of novel coronavirus (SARS-CoV-2). Science 368, 489–493
(2020).

92. Tsang, T. K. et al. Effect of changing case definitions for COVID-19 on the
epidemic curve and transmission parameters in mainland China: a modelling
study. Lancet Public Health 5, e289–e296 (2020).

93. Li, Z. et al. Antibody seroprevalence in the epicenter Wuhan, Hubei, and six
selected provinces after containment of the first epidemic wave of COVID-19
in China. Lancet Reg. Health West Pac. 8, 100094 (2021).

94. Beigel, J. H. et al. Remdesivir for the treatment of Covid-19 - final report. N.
Engl. J. Med. 383, 1813–1826 (2020).

ARTICLE NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-021-26709-7

12 NATURE COMMUNICATIONS |         (2021) 12:6372 | https://doi.org/10.1038/s41467-021-26709-7 | www.nature.com/naturecommunications

https://docisolation.prod.fire.glass/?guid=45f61a53-bdcc-40ab-ded8-dd9646aa077c
https://docisolation.prod.fire.glass/?guid=45f61a53-bdcc-40ab-ded8-dd9646aa077c
https://doi.org/10.1093/cid/ciab340
https://doi.org/10.1016/j.ijid.2021.08.036
https://doi.org/10.1016/j.ijid.2021.08.036
https://doi.org/10.1111/ped.14890
https://doi.org/10.1093/cid/ciab271
https://doi.org/10.1093/cid/ciab271
https://doi.org/10.1093/cid/civ909
https://doi.org/10.2807/1560-7917.es2013.18.39.20596
https://doi.org/10.2807/1560-7917.es2013.18.39.20596
https://doi.org/10.1093/cid/civ345
https://doi.org/10.1093/cid/civ345
https://doi.org/10.1093/infdis/jiv225
https://doi.org/10.1097/EDE.0000000000000340
https://doi.org/10.1093/cid/ciab100
https://doi.org/10.1093/cid/ciab100
https://doi.org/10.1186/1471-2458-14-147
https://doi.org/10.1126/science.abd4250
https://doi.org/10.1126/science.abd4250
https://doi.org/10.1093/cid/ciaa1207
https://doi.org/10.2807/1560-7917.ES.2021.26.11.2100256
https://doi.org/10.2807/1560-7917.ES.2021.26.11.2100256
www.nature.com/naturecommunications


95. Madewell, Z. J., Yang, Y., Longini, I. M. Jr., Halloran, M. E. & Dean, N. E.
Household transmission of SARS-CoV-2: a systematic review and meta-
analysis. JAMA Netw. Open. 3, e2031756 (2020).

96. Zhu, Y. et al. A meta-analysis on the role of children in SARS-CoV-2 in
household transmission clusters. Clin Infect Dis. https://doi.org/10.1093/cid/
ciaa1825 (2020).

97. Lau, L. L. et al. Household transmission of 2009 pandemic influenza A (H1N1): a
systematic review and meta-analysis. Epidemiology 23, 531–542 (2012).

98. Moher, D., Liberati, A., Tetzlaff, J., Altman, D. G. & Group, P. Preferred
reporting items for systematic reviews and meta-analyses: the PRISMA
statement. BMJ 339, b2535 (2009).

99. Egger, M. & Smith, G. D. Bias in location and selection of studies. BMJ 316,
61–66 (1998).

100. Hedges, L. V. & Vevea, J. L. Fixed-and random-effects models in meta-
analysis. Psychological methods 3, 486 (1998).

101. Veroniki, A. A. et al. Methods to calculate uncertainty in the estimated overall
effect size from a random-effects meta-analysis. Res Synth. Methods 10, 23–43
(2019).

102. Thompson, S. G. & Sharp, S. J. Explaining heterogeneity in meta-analysis: a
comparison of methods. Stat. Med. 18, 2693–2708 (1999).

103. Langan, D. et al. A comparison of heterogeneity variance estimators in simulated
random-effects meta-analyses. Res Synth. Methods 10, 83–98 (2019).

104. Cochran, W. G. The combination of estimates from different experiments.
Biometrics 10, 101–129 (1954).

105. Higgins, J. P., Thompson, S. G., Deeks, J. J. & Altman, D. G. Measuring
inconsistency in meta-analyses. BMJ 327, 557–560 (2003).

106. Jing, Q. L. et al. Household secondary attack rate of COVID-19 and associated
determinants in Guangzhou, China: a retrospective cohort study. Lancet
Infect. Dis. 20, 1141–1150 (2020).

Acknowledgements
This project was supported by the Health and Medical Research Fund, Food and Health
Bureau, Government of the Hong Kong Special Administrative Region (grant no.
COVID190118; B.J.C.) and the Collaborative Research Fund (Project No. C7123-20G;
B.J.C.) of the Research Grants Council of the Hong Kong SAR Government. BJC is
supported by the AIR@innoHK program of the Innovation and Technology Commission
of the Hong Kong SAR Government.

Author contributions
Study design: T.K.T., S.C., B.J.C. Data collection: T.K.T., C.W., B.Y. Data analysis: T.K.T.,
C.W., B.Y. Data interpretation: T.K.T., C.W., B.Y., S.C., B.J.C. Wrote first draft: T.K.T.
All authors contributed to the final draft.

Competing interests
B.J.C. reports honoraria from Sanofi Pasteur, GSK, Moderna, and Roche. The authors
declare no competing interests.

Additional information
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41467-021-26709-7.

Correspondence and requests for materials should be addressed to Benjamin J. Cowling.

Peer review information Nature Communications thanks the anonymous reviewer(s) for
their contribution to the peer review of this work. Peer reviewer reports are available.

Reprints and permission information is available at http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this license, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2021

NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-021-26709-7 ARTICLE

NATURE COMMUNICATIONS |         (2021) 12:6372 | https://doi.org/10.1038/s41467-021-26709-7 | www.nature.com/naturecommunications 13

https://doi.org/10.1093/cid/ciaa1825
https://doi.org/10.1093/cid/ciaa1825
https://doi.org/10.1038/s41467-021-26709-7
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
www.nature.com/naturecommunications
www.nature.com/naturecommunications

	Using secondary cases to characterize the severity of an emerging or re-emerging infection
	Results
	Types of symptoms
	Clinical severity
	Symptom status, hospitalization, and fatality for COVID-19
	Risk of bias
	Estimation of undetected index cases
	Sample size requirement of estimating severity

	Discussion
	Methods
	Definition of index and secondary cases
	Search strategy and selection criteria
	Data analysis
	Role of the funding source

	Reporting summary
	Data availability
	Code availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




